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1. Introduction
Periodontal ligament (Periodontal fiber), usually abbre-

viated as PDL, is a group of specialized connective tissue 
fibers that originally connect the tooth to the alveolar bone 
in which it is located. It enters the root cement from one 
side and the alveolar bone from the other side [1,2].

Periodontal tissue remodeling is the physiological ba-
sis for orthodontic tooth movement (OTM) during appro-
priate mechanical stimulation. Periodontal ligament cell 
(PDLC), the major cell type in periodontal tissue, regu-
lates the osteoblastic differentiation, activity and even life 
span(1). The PDLC functions as force-sensitive and force-
conducting cells. When the orthodontic force was applied 
to the tooth, the periodontal ligament (PDL) transferred 
the external load to the alveolar bone and led to bone 
remodeling. Simultaneously, the PDLC began to diffe-
rentiate into compression-associated osteoclasts and ten-
sion-associated osteoblasts to engage in periodontal tissue 
remodeling(2). Periodontal tissue in the compressed area 
was characterized by disturbance of blood flow, cell death 
and bone resorption, while bone formation in the tension 
area(3). Many reports have focused on the molecular 
mechanism of osteogenic differentiation of PDL during 
stretching force stimuli(4, 5). However, how PDL trans-
fers mechanical signals into biochemical events and regu-

lates cellular metabolism remains inconclusive(3).  In this 
study, we aimed to investigate the alteration of transcrip-
tome and potential function in human PDLC in response 
to different types of mechanical stimulations based on a 
bioinformatics analysis. 

2. Materials and Methods 
2.1. Data collection 

The dataset regarding human PDLC in response to 
force was retrieved from the GEO database (https://www.
ncbi.nlm.nih.gov/geo/). Only 1 dataset (GES112122) was 
enrolled in this study, which included 4 groups (static 
group (n=3), static-control group (n=3), intermittent group 
(n=3) and intermittent-control group (n=3)). After norma-
lization and standardization, the gene expression profile 
was applied for further difference analysis.

2.2. Differentially expressed genes (DEGs) between me-
chanical force (MF) and control group

Differential gene expression analysis between mecha-
nical force (MF) and control group was conducted based 
on the negative binomial distribution with R package (DE-
Seq2)(6) To further analyze the effect of different types 
of MF on DEGs, differential gene expression analyses 
(between the static and control group, the intermittent and 
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control group) were performed respectively. The DEGs 
with a false discovery rate (FDR) < 0.05 and |fold change 
(FC)| >1.5 were considered statistically significant. In ad-
dition, the common DEGs among the above 3 pairs of ana-
lyses were depicted with Venn plot (Supplementary Fig 1).

2.3. Identification of function enrichment based on the 
gene set enrichment analysis (GSEA)

 Gene set enrichment analysis (GSEA, https://www.
gsea-msigdb.org/gsea/index.jsp)(7) was used to annotate 
the functional enrichment of the above gene expression 
profile. The GSE112122 dataset was divided into four 
groups (static group, static-control group, intermittent 
group and intermittent-control group). Simultaneously, 
the annotated dataset (h.all.v7.4.symbols.gmt) was down-
loaded from the Molecular Signatures Database(8). The 
enriched pathways with P< 0.05 were considered statisti-
cally significant.

2.4. Weighted gene co-expression network analysis 
(WGCNA) of transcriptomic data 

To identify highly correlated genes in human PDLC in 
response to MF, the gene expression profile was applied to 
perform a WGCNA analysis after normalization with DE-
Seq2. The optimal soft threshold was calculated to obtain 
a scale-free topology. The samples in GSE112122 were 
clustered using hierarchical clustering. In addition, the 
correlation of all identified modules was conducted.   To 
investigate the physiological significance of the clustered 
modules, the phenotypes in GSE112122 were correlated 
with modules. In the following, the centrally intramodu-
lar hub genes in the (static and intermittent) traits-related 
modules were selected with |module membership|>0.8 and 
|gene significance|>0.2.

2.5. Lasso regression model for key gene selection
To further discard genes of little impact on the target 

vector, the least absolute shrinkage and selection operator 
(LASSO) analysis was performed to screen the key genes 
that had the greatest impact on PLDC in response to MF. 
The hub genes detected from WGCNA and DEGs were in-
tersected. This dataset was divided into the training set and 
the test set. The regularization penalty (λ) was included for 
nonzero coefficients to overcome the over-fitting problem. 
To calculate the weight of the LASSO penalty (labeled as 
lambda), a ten-fold cross-validation was performed on the 
training set. The area under the curve (AUC) was evalua-
ted on the test set to assess the discriminative ability. The 
LASSO algorithm was conducted using the R package 
(glmnet).

3. Results
3.1. Identified DEGs between MF and control group

There were 2861 identified DEGs between the force 
(intermittent and static) group and control group, inclu-
ding 1470 up-regulated DEGs and 1391 down-regulated 
DEGs (Fig 1A and 1D). In addition, a total of 3812 DEGs 
were identified between the intermittent group and control 
group, including 1915 up-regulated DEGs and 1897 
down-regulated DEGs (Fig 1B and 1E). However, only 
939 DEGs were identified between the static group and 
control group, including 542 up-regulated DEGs and 397 
down-regulated DEGs (Fig 1C and 1F). There were 821 
common DEGs among the above 3 groups. Furthermore, 

the static group and intermittent group shared 823 com-
mon DEGs (Fig 1G).

3.2 Identified functional enrichments between MF and 
control group based on GSEA analysis 

Different biological processes were enriched between 
static group and intermittent group. For the intermittent 
MF treatment, the interferon (IFN)-γ response, IFN-α res-
ponse, PI3K/AKT/MTOR signaling, peroxisome, Myc 
targets, xenobiotic metabolism and transforming growth 
factor beta (TGF-β) signaling were enriched from the 
hallmark gene datasets. Interestingly, lipid metabolism 
including fatty acid metabolism and bile acid metabolism-
related signaling pathways were also collected (Fig 2A). 

Fig. 1. Differentially expressed genes (DEGs) between the MF and 
control group. (A)Heatmap of top 30 DEGs between the force (sta-
tic and intermittent) and control group. (B)Heatmap of top 30 DEGs 
between the static and control group. (C)Heatmap of top 30 DEGs 
between the intermittent and control groups. (D)Volcano plot of DEGs 
between the force (static and intermittent) and control group. (E)Vol-
cano plot of DEGs between the static and control group. (F)Volcano 
plot of DEGs between the intermittent and control groups. (G)Venn 
plot among the force group, static group and intermittent group.

Fig. 2. Gene set enrichment analysis (GSEA) between MF and 
the control group. (A)GSEA analysis between the intermittent group 
and control group. (B)GSEA analysis between the static and control 
groups. ES, enrichment score; FDR, false discovery rate.
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and receptor family, the Bcl-2 family and the caspase 
family as force-sensing genes for the apoptotic PDL(11). 
However, other studies found that cyclic stretching force 
also caused apoptosis through caspase family, including 
caspase-9(4), caspase-3 and caspase-5(12).

Interestingly, glucolipid metabolism played an impor-
tant role in the PDLC response to MF. According to our 
study, the cholesterol homeostasis, fatty acid metabolism 
and bile acid metabolism were enriched to interpret the 
biological process of MF-driven PDLC. Fatty acids, as an 
essential component of cells, have critical impacts on the 
survival, differentiation and cellular function of PDLC(5). 
Glucose, the main energy source of PDLC, is essential 
for osteogenic differentiation and reprogramming(13). 
A recent study suggested that the undifferentiated PDLC 
prefers to metabolize glucose through glycolysis, rather 
than oxygen phosphorylation(14). Compared with oxygen 
phosphorylation, glycolysis enables the production of ener-
gy rapidly in compressed PDL with a hypoxic microenvi-
ronment. Another study indicated that short-term hypoxia 

For the static MF treatment, the androgen response, pro-
tein secretion, epithelial-mesenchymal transition (EMT), 
apoptosis, Myc targets, TGF-β signaling via receptor acti-
vator of nuclear factor (NF)-κB, PI3K/AKT/MTOR signa-
ling, MTORC1 signaling, hedgehog signaling, cholesterol 
homeostasis, glycolysis and UV response related signa-
ling pathways were aggregated in HPDLC with static MF 
treatment (Fig 2B).

As shown in Fig 3A, the network exhibited a scale-
free topology (mean connectivity of 95) with a soft thres-
hold of 16. The hierarchical clustering in Fig 3B showed 
sample correlations. A total of 12 modules were identified 
and depicted in Fig 3C and Fig 3D. The turquoise module 
(including 722 genes) was highly correlated with the in-
termittent trait (r= 0.827, P<0.01) and the black module 
(including 72 genes) module was positively correlated 
with static trait (r= 0.336, P>0.05) (FigA). A total of 386 
hub genes which were highly positively correlated with 
intermittent traits in the turquoise module were identified 
(Fig 4B). In addition, a total of 33 hub genes in the black 
module were identified which were positively correlated 
with static traits (Fig 4C).

3.3. Lasso analysis for key gene selection
Total 248 differentially expressed hub genes were iden-

tified (Fig 5A). To further identify the key genes which 
have the greatest impact on human PDLC with mechanical 
stimuli, LASSO analysis was performed to shrink the gene 
collection.  The lasso analysis result found that the CLIC4, 
NPLOC4 and PRDX6 had the greatest impact on the hu-
man PDLC with mechanical stimuli (Fig 5B and 5C). In 
addition, the ROC curves revealed a good predictive effi-
ciency for the lasso regression model (Fig 5D).

4. Discussion 
Mechanical force regulates PDLC behaviors.  The ap-

plication of different types of force could lead to different 
responses of the PDLC. In oral cavity, the PDLCs suffer 
from different directions, magnitude and frequency of 
forces from normal mastication and OTM. During OTM, 
the compression force loading promoted bone resorption, 
while the traction force loading induced bone forma-
tion(9). Periodontal ligament cells induced by a conti-
nuously compressed force led to apoptosis(10). Recent 
research identified the tumor necrosis factor (TNF) ligand 

Fig. 5. LASSO regression model for human PDLC in response to 
MF. A. Venn plot of the intersection between DEGs and hub genes. 
B. Cross-validation for the penalty (labeled as lambda) selection. C. 
LASSO regression of the MF-related genes in human PDLC. D. ROC 
curves for the lasso regression model in the training set and test set.

Fig. 4. Interesting modules and hub gene selection based on WGC-
NA. (A)Correlation plot between modules and traits attribute. (B)
Scatter plot between gene significance of intermittence and module 
membership in the turquoise module. (C)Scatter plot between gene 
significance of static and module membership in the black module.

Fig. 3. Weighted gene co-expression network analysis (WGCNA) 
of human PDLC in response to MF. (A)Detection of soft power. (B)
Sample dendrogram with trait heatmap. (C) Gene dendrogram and 
module colors. (D)Eigengene adjacency heatmap.
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might affect the proliferation, differentiation, migration 
and apoptosis, even the immunomodulatory functions in 
periodontal ligament stem cells(15). Hypoxia could inhibit 
the intermittent MF-induced insulin-like growth factor-1 
(IGF-1) in huma PDLC through TGF-β1(16).

Similarly, not only intermittent MF but also static MF 
shared the biological signaling pathways, which included 
Myc targets, TGF-β signaling and PI3K/AKT/MTOR 
signaling. TGF-β signaling pathway in human PDLC is 
essential for the development of periodontal tissue, which 
was involved in various cellular processes. Interestingly, 
increased expression of TGF-β expression was detected on 
the compression and tension sides during the OTM(17). 
Both positive and negative effects on osteoclastogenesis in 
periodontal tissues were observed in TGF-β signaling(18). 
Some studies found that TGF-β signaling periodontal tis-
sues suppress osteoclastic activity. There was evidence 
suggesting that TGF-β receptor inhibitor inhibits MF-in-
duced bone mineralization in vitro(18). Furthermore, the 
intermittent compressive force could promote the osteoge-
nic differentiation of human PDLC by TGF-β signaling 
pathway(19), which increased the expression of insulin-
like growth factor-1(16). However, other researchers sug-
gested that the bone resorption induced by TGF-β depends 
on the dose of exposure and the cell types involved(18, 
20).A recent study found that TGF-β1 stimuli facilitated 
ligament-fibroblastic differentiation and inhibited the ce-
mentoblastic differentiation of PDLC through activating 
β-catenin(21).In addition, TGF-β accelerated the epithe-
lial-mesenchymal transition by activating the PI3K-Akt-
mTOR pathway(22).

Mechanosensing occurs when periodontal tissue is 
subjected to MF and leads to orthodontic bone remode-
ling. Although several ion channels (including Piezo1 and 
the transient receptor potential cation channel subfamily V 
member 4) have been described in osteocytes and PDL fi-
broblasts have been described, which function as mechano-
sensors when subjected to mechanical loading(18), CLIC4 
was seldom mentioned in periodontal tissues. CLIC4, a 
chloride intracellular channel, was involved in the regula-
tion of the cell cycle. Compared with bone marrow stem 
cells, CLIC4 was highly expressed in periodontal liga-
ment stem cells and dental pulp stem cells(23). A recent 
study indicated that CLIC4, regulated by TGF-β signaling, 
Hedgehog signaling, and Wnt-3a signaling, enabled to 
promotion of fibrosis in dermal fibroblasts(24). In addi-
tion, the CLIC4 could activate NLRP3 inflammasome and 
leads to bone diseases by accelerating the Cl− outflow(25). 
NPLOC4 involved in the misfolded proteins from the en-
doplasmic reticulum to the cytoplasm. Furthermore, the 
ternary complex, consist of UFD1, VCP and NPLOC4, 
negatively regulated the production of type I interferon by 
binding ubiquitinated proteins(26). However, few studies 
described the association between periodontal tissue and 
NPLOC4. Peroxiredoxin 6 (PRDX6), a downstream target 
of nuclear factor erythropoietin 2-related factor 2 (NRF2), 
plays an important role in maintaining the homeostasis of 
reactive oxygen species (ROS) homeostasis(27). In addi-
tion, PRDX6 functions as a ferroptosis regulator of ferrop-
tosis(28), which reduced the lipopolysaccharide-induced 
inflammation and ferroptosis in gingival tissues with  pe-
riodontitis(29).

5. Conclusion

Our study revealed differential biological processes in 
different types MF induced human PDLC and developed 
the important genes for human PDLC in response to MF, 
which might be potential markers for OTM.

Conflict of interest
The author has no conflicts of interest to report for this 
study.

Consent for publications
The author has to write this sentence that they read and 
approved the final manuscript for publication.

Availability of data and materials 
The datasets involved can be accessed from the GEO 
database(http://www.ncbi.nih.gov/geo)

Author contributions
The authors confirm their contribution to the paper: study 
conception and design; data collection; analysis and inter-
pretation of results; draft manuscript preparation and wri-
ting.

Acknowledgments
None.

Funding Statement
No funding.

Ethics Approval
This study does not involve ethical issues.

References 

1. Shi J, Baumert U, Folwaczny M, Wichelhaus A. Influence of static 
forces on the expression of selected parameters of inflammation in 
periodontal ligament cells and alveolar bone cells in a co-culture 
in vitro model. Clin Oral Investig. 2019;23:2617-28.

2. Li Y, Zhan Q, Bao M, Yi J. Biomechanical and biological res-
ponses of periodontium in orthodontic tooth movement: up-date 
in a new decade. Int J Oral Sci. 2021;13:20.

3. Jiang N, Guo W, Chen M, Zheng Y, Zhou J, Kim SG, et al. Perio-
dontal Ligament and Alveolar Bone in Health and Adaptation: 
Tooth Movement. Front Oral Biol. 2016;18:1-8.

4. Hao Y, Xu C, Sun SY, Zhang FQ. Cyclic stretching force induces 
apoptosis in human periodontal ligament cells via caspase-9. Arch 
Oral Biol. 2009;54:864-70.

5. Symmank J, Chorus M, Appel S, Marciniak J, Knaup I, Bastian 
A, et al. Distinguish fatty acids impact survival, differentiation 
and cellular function of periodontal ligament fibroblasts. Sci Rep. 
2020;10:15706.

6. Love MI, Huber W, Anders S. Moderated estimation of fold 
change and dispersion for RNA-seq data with DESeq2. Genome 
Biol. 2014;15:550.

7. Subramanian A, Tamayo P, Mootha VK, Mukherjee S, Ebert BL, 
Gillette MA, et al. Gene set enrichment analysis: a knowledge-
based approach for interpreting genome-wide expression profiles. 
Proc Natl Acad Sci U S A. 2005;102:15545-50.

8. Liberzon A, Subramanian A, Pinchback R, Thorvaldsdottir H, 
Tamayo P, Mesirov JP. Molecular signatures database (MSigDB) 
3.0. Bioinformatics. 2011;27:1739-40.

9. Wang M, Zhang L, Lin F, Zheng Q, Xu X, Mei L. Dynamic study 
into autophagy and apoptosis during orthodontic tooth movement. 
Exp Ther Med. 2021;21:430.



196

Important Genes in HPDLC with mechanical force.                                                                                                                                                                          Cell. Mol. Biol. 2024, 70(3): 192-196

10. Hatai T, Yokozeki M, Funato N, Baba Y, Moriyama K, Ichijo H, et 
al. Apoptosis of periodontal ligament cells induced by mechanical 
stress during tooth movement. Oral Dis. 2001;7:287-90.

11. Xu C, Hao Y, Wei B, Ma J, Li J, Huang Q, et al. Apoptotic gene 
expression by human periodontal ligament cells following cyclic 
stretch. J Periodontal Res. 2011;46:742-8.

12. Wu Y, Zhuang J, Zhao D, Xu C. Interaction between caspase-3 and 
caspase-5 in the stretch-induced programmed cell death in the hu-
man periodontal ligament cells. J Cell Physiol. 2019;234:13571-
81.

13. Seubbuk S, Sritanaudomchai H, Kasetsuwan J, Surarit R. 
High glucose promotes the osteogenic differentiation capabi-
lity of human periodontal ligament fibroblasts. Mol Med Rep. 
2017;15:2788-94.

14. Zhen L, Jiang X, Chen Y, Fan D. MiR-31 is involved in the high 
glucose-suppressed osteogenic differentiation of human perio-
dontal ligament stem cells by targeting Satb2. Am J Transl Res. 
2017;9:2384-93.

15. Li ZB, Yang HQ, Li K, Yin Y, Feng SS, Ge SH, et al. Comprehen-
sive Transcriptome Analysis of mRNA Expression Patterns Asso-
ciated With Enhanced Biological Functions in Periodontal Liga-
ment Stem Cells Subjected to Short-Term Hypoxia Pretreatment. 
Front Genet. 2022;13:797055.

16. Pumklin J, Manokawinchoke J, Bhalang K, Pavasant P. Intermit-
tent Compressive Stress Enhanced Insulin-Like Growth Factor-1 
Expression in Human Periodontal Ligament Cells. Int J Cell Biol. 
2015;2015:369874.

17. Garlet TP, Coelho U, Silva JS, Garlet GP. Cytokine expression 
pattern in compression and tension sides of the periodontal liga-
ment during orthodontic tooth movement in humans. Eur J Oral 
Sci. 2007;115:355-62.

18. Jeon HH, Teixeira H, Tsai A. Mechanistic Insight into Orthodontic 
Tooth Movement Based on Animal Studies: A Critical Review. J 
Clin Med. 2021;10.

19. Manokawinchoke J, Pavasant P, Sawangmake C, Limjeerajarus 
N, Limjeerajarus CN, Egusa H, et al. Intermittent compressive 
force promotes osteogenic differentiation in human periodontal 

ligament cells by regulating the transforming growth factor-beta 
pathway. Cell Death Dis. 2019;10:761.

20. Quinn JM, Itoh K, Udagawa N, Hausler K, Yasuda H, Shima 
N, et al. Transforming growth factor beta affects osteoclast dif-
ferentiation via direct and indirect actions. J Bone Miner Res. 
2001;16:1787-94.

21. Lim JC, Bae SH, Lee G, Ryu CJ, Jang YJ. Activation of beta-ca-
tenin by TGF-beta1 promotes ligament-fibroblastic differentiation 
and inhibits cementoblastic differentiation of human periodontal 
ligament cells. Stem Cells. 2020;10.1002/stem.3275.

22. Zhang C, Zhang X, Xu R, Huang B, Chen AJ, Li C, et al. TGF-be-
ta2 initiates autophagy via Smad and non-Smad pathway to pro-
mote glioma cells' invasion. J Exp Clin Cancer Res. 2017;36:162.

23. Eleuterio E, Trubiani O, Sulpizio M, Di Giuseppe F, Pierdome-
nico L, Marchisio M, et al. Proteome of human stem cells from 
periodontal ligament and dental pulp. PLoS One. 2013;8:e71101.

24. Wasson CW, Caballero-Ruiz B, Gillespie J, Derrett-Smith E, 
Mankouri J, Denton CP, et al. Induction of Pro-Fibrotic CLIC4 
in Dermal Fibroblasts by TGF-beta/Wnt3a Is Mediated by GLI2 
Upregulation. Cells. 2022;11.

25. Yu C, Zhang C, Kuang Z, Zheng Q. The Role of NLRP3 Inflam-
masome Activities in Bone Diseases and Vascular Calcification. 
Inflammation. 2021;44:434-49.

26. Hao Q, Jiao S, Shi Z, Li C, Meng X, Zhang Z, et al. A non-cano-
nical role of the p97 complex in RIG-I antiviral signaling. EMBO 
J. 2015;34:2903-20.

27. Chhunchha B, Kubo E, Singh DP. Switching of Redox Signaling 
by Prdx6 Expression Decides Cellular Fate by Hormetic Phe-
nomena Involving Nrf2 and Reactive Oxygen Species. Cells. 
2022;11.

28. Lu B, Chen XB, Hong YC, Zhu H, He QJ, Yang B, et al. Identi-
fication of PRDX6 as a regulator of ferroptosis. Acta Pharmacol 
Sin. 2019;40:1334-42.

29. Yang WY, Meng X, Wang YR, Wang QQ, He X, Sun XY, 
et al. PRDX6 alleviates lipopolysaccharide-induced inflam-
mation and ferroptosis in periodontitis. Acta Odontol Scand. 
2022;10.1080/00016357.2022.2047780:1-12.


